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Br = sgn(W7 X7), Experiments (category retrieval)
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* Domain specific [Farhadi et al. 2010]
¢ CCA-based [Gong et al. 2011, Sharma et al. 2012]
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Algorithm

Algorithm 1 Predictable Dual-View Hashing Cows standing in a village

. . Input: Xy, X7 € R&*", LT SR
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1: Wy, Wr € R&*F « CCA(Xy, X7, k)
2: By < sgn(Wy” Xy) s
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7:  Update By using Eq. (5) s —
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9: By« sgn(WTTXT)
10:  Update By using Eq. (5)
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